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[ Dataset-2:: Model Training and Evaluation: 0
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~ Conclusion and Further Scope |
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--e---Potential of PDTs: :Personal:Digital Twins (PDTs):can:transform: healthcare by providing ::::: -
 porsonalized, datardeiven insights,
+ Superior Model: Gradient Boosting Classifier consistently performed best in predictive
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+ Importance of Preprocessing: Proper data preprocessing and feature engineering
-osigntficantly enhance: model accuracy:and:reliabtlity.: ;oo
+ Bihical Considerations: Addressing data privacy, algorithmic bias, and establishing robust
 guidelines are crucial for ethical Al use in healtheare.
Potential of Personal Digital Twins ®DT9:
-+ -Revolutionise Healthcare: :Emphasize how PDTs can: transform healthcare by providing:::::::::
 personalized, data-driven insights for better diagnosis, treatment, and prevention.
+ Improved Outcomes: Highlight the potential for enhanced patient outcomes through tailored
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+ Overcoming Challenges: Stress the noed for ongoing research (o address existing challenges,
 such as data integration, privacy concemns, and algorithmic biases.
--* - Future Innovations: Encourage further innovations and advancements: in Al and healthcare - - -
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